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COMMENT ON “DECENNIAL CENSUS OF THE POPULATION OF
AMERICANS; PROPOSED RESIDENCE CRITERIA AND PROPOSED
REGULATIONS FOR DEMOGRAPHIC QUESTIONS”

November 2, 2026

Dear Mr. Sweeney:

As detailed below, we write to oppose the proposed restrictions on collecting demo-
graphic data in section 70.2(a) due to their likely deleterious effects on research and the
development of public knowledge.

Executive Summary

Academic research relies heavily on demographic data from the decennial census. The
census provides the only complete source of race and ethnicity data for the United States.
This data supports research on evaluating redistricting plans, assessing segregation,
computing rates of disease and mortality, detecting discrimination and classification by
race, and more. This data also supports research which does not study race directly, but
uses this data as inputs, such as for creating population estimates, weighting surveys,
and controlling for confounders in policy evaluation. Under the proposed rule, this data
would no longer be collected, and areas beyond academic research, from public health to
economic planning, would be crippled by the lack of reliable data. As more time passes
since 2020, the quality of inferences drawn from existing data will degrade. Further, a
skipped count in 2030 cannot be replaced after the fact. We recommend retaining the race
and ethnicity questions in the decennial census.

Introduction

We are researchers in the social sciences who develop and use statistical methodologies
in academic research which relies on the demographic data from the decennial census.
Prof. Kosuke Imai is the Edith and Benjamin Geisinger Professor of Statistics and of Gov-
ernment at Harvard University. Dr. Christopher T. Kenny is a Postdoctoral Research As-
sociate in the Initiative for Data-Driven Social Science at Princeton University. Prof. Cory
MccCartan is the Hoben and Patricia Thomas and Thomas and Ann Hettmansperger Early
Career Professor of Statistics at the Pennsylvania State University. Prof. Tyler Simko is
an Assistant Professor of Political Science at the University of Michigan. Prof. Michael
Auslen is an Assistant Professor of Government at the University of Texas at Austin.
Prof. Bernard L. Fraga is the Ann and Michael Hankin Distinguished Professor of Political
Science at Emory University. Prof. D. Sunshine Hillygus is a Professor of Political Science
and Public Policy at Duke University. Prof. Shiro Kuriwaki is an Assistant Professor of
Political Science at Yale University. Prof. Evan T.R. Rosenman is an Assistant Professor of
Statistics at Claremont McKenna College. Prof. Christopher Warshaw is a Professor at the
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McCourt School of Public Policy at Georgetown University. Imai, Kenny, McCartan, and
Simko are co-Principal Investigators of the Algorithm-Assisted Redistricting Methodol-
ogy (ALARM) Project.

Our research uses the demographic data from the decennial census to study redistrict-
ing (McCartan et al. 2026; McCartan and Kenny 2026; Kenny, McCartan, et al. 2023),
electoral turnout (Fraga 2018; Fraga 2016a), segregation (Brown, Kenny, and Simko 2026;
McCartan, Brown, and Imai 2024), ecological inference (Kuriwaki and McCartan 2026;
McCartan and Kuriwaki 2025; Imai, Lu, and Strauss 2008), race imputation (McCartan et
al. 2025; Imai and Khanna 2016; Imai, Olivella, and Rosenman 2022), public opinion and
representation (Warshaw and Rodden 2012; Caughey and Warshaw 2022; Tausanovitch
and Warshaw 2013; Auslen 2024; 2026; Tang, Hillygus, and Reiter 2024), and census partic-
ipation (Hillygus et al. 2006). Several of us have previously provided public comments to
the Census Bureau and published articles evaluating the use of differential privacy and its
impact on downstream analyses (Kenny et al. 2021; Kenny, Kuriwaki, et al. 2023; Kenny,
McCartan, Simko, et al. 2024; Kenny, McCartan, Kuriwaki, et al. 2024). This work would
not have been possible without the decennial collection of data related to race.

Our comment focuses on the consequences of the changes proposed in section 70.2(a) on
academic research. Demographic data from the census is used widely to inform research
and policy choices. The removal of these questions from the 2030 Census would inhibit
future research.

Background

Though Part 60's change to citizenship-based questions regarding “usual residence” could
adversely affect academic research and data reliability as well, our comment focuses on
the particular effects of Part 70. In particular, the proposed section 70.2(a) would prohibit
the decennial census from including questions about race or ethnicity. We focus on the
implications of this prohibition for academic research.

The decennial census provides the most granular data on the US population possible,
as the sole enumeration of the total population. Data releases from the census, including
the P.L. 94-171 redistricting files, include full coverage population information at small
aggregate units, particularly census blocks. The granularity of these data releases is
fundamental for research which uses age, race, or household information in statistical
analyses.

This data is important beyond direct analyses of variables collected in the enumeration.
Several other census products, such as the American Community Survey (ACS), depend on
this data for population estimates used in weighting and for sampling (National Research
Council 2015; 2007). Removing these questions would limit the accuracy of those down-
stream products and research which uses those products.
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Effects on Research

Substantial amounts of academic research, in service of creating and disseminating
knowledge for the public, rely on census data. Below, we enumerate many types of research
that rely on the data that is generated from the questions that would no longer exist due
to the changes in section 70.2(a).

The proposed rule would negatively impact all research on voting rights,

discrimination, and racial segregation

The removal of race and ethnicity questions from the decennial census would greatly
impact all research which relies on geographic race data. Redistricting research relies on
this data, especially the voting age subset, to assess enacted districts, evaluate proposed
maps, and generate large-scale ensembles of alternative redistricting plans (McCartan et
al. 2022; Kenny et al. 2021; Fifield et al. 2020; McCartan and Imai 2023; Chen and Rodden
2013; Becker et al. 2021; DeLuca and Curiel 2023; Chen and Stephanopoulos 2020; Fraga
2016b). This data is further used in studies of racially polarized voting, primarily by using
demographic data in ecological inference methods (Imai, Lu, and Strauss 2008; Imai and
Khanna 2016; King 1997; Rosen et al. 2001; Greiner and Quinn 2009; Barreto et al. 2022;
Greiner and Quinn 2010; Benedictis-Kessner 2015; Kuriwaki et al. 2024). Political science
research which focuses on the relationship between local racial context and political
behaviors would need to deal with increasingly out-of-date data (Enos 2016; Hopkins 2010;
Gay 2006; Fraga 2016a). Similarly, studies of wait times at the polls (Pettigrew 2017; Chen
et al. 2022), turnout and campaign contributions (Ansolabehere and Hersh 2012; Fraga
2018; Grumbach and Sahn 2020), and local representation (Abott and Magazinnik 2020;
Hajnal and Trounstine 2005; Trounstine 2018; Auslen 2026; Tausanovitch and Warshaw
2014) would each suffer from this same loss of data.

Further, our understanding of the degree of residential segregation currently and over
time would lose its primary input data (Reardon et al. 2008; Brown, Kenny, and Simko 2026;
McCartan, Brown, and Imai 2024; Massey and Denton 1988; Reardon and O’Sullivan 2004;
Lichter, Parisi, and Taquino 2015; Intrator, Tannen, and Massey 2016). Not collecting this
data for 2030, even if collected again in the future, would break longitudinal studies which
focus on redlining, demographic change, gentrification, and suburbanization (Crowder
and South 2008; Galster 1990; Hwang and Sampson 2014; Logan, Xu, and Stults 2014;
Boustan 2010; Aaronson, Hartley, and Mazumder 2021; Faber 2020). Studies which link
residential segregation and school populations and attendance would similarly suffer
(Reardon and Owens 2014; Fiel 2013; Simko 2024). Understanding inequality in access
to infrastructure (Grengs 2010; 2012; 2015) or exposure to pollution and heat (Mohai and
Saha 2006; Liu et al. 2021; Colmer et al. 2020; Tessum et al. 2021; Hoffman, Shandas, and
Pendleton 2020; Colmer et al. 2024) would become substantially more difficult. Research
which tracks movements via mobile data also depends on census demographic informa-
tion to understand differences in mobility by race (Baldenius, Klauber, and Koch 2025;
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Cheng, Zhang, and Shaw 2025). Finally, public understandings of exposure to and effects
of disasters would lose vital data (Elliott and Pais 2006; Howell and Elliott 2019).

In addition, the removal of demographic data collection from the decennial census
would weaken research methods which are used widely to detect discrimination when race
is not present in the data. Bayesian improved surname geocoding and related methods rely
on fine-grained race and ethnicity data to create estimates of race for individuals (Imai,
Olivella, and Rosenman 2022; Imai and Khanna 2016; Elliott et al. 2008; Elliott et al. 2009;
Voicu 2018; McCartan et al. 2025). These methods have been used widely to identify racial
disparities and discrimination related to tax audits (Elzayn et al. 2025), consumer lending
(Zhang 2018; Bartlett et al. 2022; Greenwald et al. 2024; Consumer Financial Protection
Bureau 2014), voting (Imai and Khanna 2016), injuries related to transportation (Sartin et
al. 2021), and algorithmic decisionmaking (Chen et al. 2019; Kallus, Mao, and Zhou 2022).
Public health research would lose key data for assessing quality of healthcare (Fiscella and
Fremont 2006; Adjaye-Gbewonyo et al. 2014; Haas et al. 2019; Snoke et al. 2024), disparities
in preterm births (Scroggins et al. 2024), and infectious-disease surveillance (Labgold et
al. 2021; Zhang et al. 2022). As there is already a degree of estimation occurring, having to
rely on older data to use these methods would heighten concerns about low accuracy for
specific subgroups (Argyle and Barber 2024; Decter-Frain 2022).

The proposed rule would degrade the quality of the American Commu-

nity Survey and downstream products

Removing questions about race and ethnicity from the census would also drastically
impact survey weighting and intercensal population estimates. Population projections
would lose the normal ground truth reset that helps minimize accumulations of estimation
errors (Hauer 2019). The Census Bureau’s own population estimates between censuses

depend on the race and ethnicity data collected in the prior decennial census (U.S. Census
Bureau 2026a; 2026b).

The consequences of not collecting this data would directly impact the American
Community Survey (ACS), which uses this data for weighting purposes (National Research
Council 2015; 2007; Albright 2011; U.S. Census Bureau 2014). Significant amounts of
research which uses the ACS to study everything from education to employment would be
indirectly impacted by the loss of updated demographic data (National Research Council
2015). Similarly, survey raking and calibration methods rely heavily on the ACS data as
input for accurately weighting surveys (Kolenikov 2014; Battaglia, Hoaglin, and Frankel
2009; Tang, Hillygus, and Reiter 2024; Deng et al. 2013). Research which seeks to estimate
population-level quantities relies on this data and can be biased when meaningful vari-
ables are omitted from weighting, such as when generalizing from surveys or experimental
research (Hartman and Huang 2024; Huang and Hartman 2026; Huang 2024). Small area
estimation and poststratification methods rely on the granularity and richness of the
decennial census data and would face immediate challenges (Fay III and Herriot 1979;
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Park, Gelman, and Bafumi 2004; Lax and Phillips 2009; Warshaw and Rodden 2012; Ghitza
and Gelman 2013; Tausanovitch and Warshaw 2013; Caughey and Warshaw 2022; Auslen
2024; Goplerud and Auslen 2025). Methods for creating synthetic populations would face
related hurdles (Beckman, Baggerly, and McKay 1996; Wheaton et al. 2009).

The removal of race and ethnicity questions from the census would require researchers
to develop alternative population and demographic estimates without modern data to
benchmark against. Many studies document the difficulty in using alternative adminis-
trative records for similar purposes, including differing racial classifications by data set
source (Ouyang et al. 2026; Ennis et al. 2018), estimating disparities when race is not
observed (Imai, Olivella, and Rosenman 2022; McCartan et al. 2025), and determining
the representativeness of linked samples (Graetz et al. 2023; Bond et al. 2014). Even the
decennial census misses some populations, even before introducing the need for new
independent surveys and modeling (Hogan 1992; 1993; Robinson et al. 1993; O'Hare 2019;
Khubba, Heim, and Hong 2022). Even smaller proposed changes to the census, namely
new approaches to its privacy protection system, elicited great debate over the quality of
the data and downstream consequences for researchers and the public (Abowd et al. 2022;
Hotz et al. 2022; Kenny et al. 2021; Kenny, McCartan, Kuriwaki, et al. 2024). Removing
the race and ethnicity questions from the decennial census would introduce major, new
measurement problems with even less information available to resolve them.

The proposed rule would cause broad harms to social science research

and public policy evaluations

Research which does not itself study race or ethnicity also relies directly on census data.
In many cases, race can be related to both a treatment of interest and the policy outcome.
Not controlling for race or ethnicity in these cases can bias evaluations of the relevant
policy outcome (Imai, King, and Stuart 2008). Evaluations of programs like childhood
access to SNAP and school finance reform control for race for exactly this reason (Hoynes,
Schanzenbach, and Almond 2016; Jackson, Johnson, and Persico 2016). Research on the
effect of Medicaid’s expansion on mortality controls for race and ethnicity to avoid bias
due to unequal distributions of demographics across regions in the US (Wyse and Meyer
2025). Such evaluations would be substantially less credible in the absence of this decen-
nial census data.

Furthermore, research which relies on the decennial census as an enumeration to
build population-level denominators would be greatly challenged. Research on cancer-
related mortality and incidence would lose necessary input data for building estimates
of group size by race and ethnicity (Yu et al. 2025; Centers for Disease Control and
Prevention 2026). Studies which estimate longevity, trends in mortality, and disparities
in risk from pandemics would see substantial increases in uncertainty (Case and Deaton
2015; Bassett, Chen, and Krieger 2020; Finkelstein et al. 2024). Research that assesses how
vulnerable communities are to disasters and health inequality would rely on out-of-date
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data (Flanagan et al. 2011; Krieger et al. 2016). Further, research which uses census data
to impute ethnicity for assessing measurement of mortality would struggle (Arias et al.
2010; Markides and Coreil 1986). Beyond public health, studies of racial disparities in in-
teractions with the legal system, including incarceration, traffic stops, and stop-and-frisk
exposure, would suffer (Vogel and Porter 2016; Pierson et al. 2020; Gelman, Fagan, and
Kiss 2007). Researchers would lack necessary validation data from the decennial census to
construct estimates of the joint distribution of race, ethnicity, age, and sex (Ingram et al.
2003) and would need to use alternative data sources, which may not exist, to assess new
modeling assumptions.

The proposed rule would cause irreparable harm by creating a perma-

nent gap in the statistical record of the United States

Researchers often link data from the decennial census to other administrative datasets to
study long-term life outcomes and how they vary by race and ethnicity. Research which
connects childhood neighborhood context to lifelong outcomes would be stunted (Chetty
et al. 2020; Chetty et al. 2026). Studies of workplace segregation, within-employer wage
differences, and sorting across the labor market would lose the primary source of demo-
graphic information (Hellerstein and Neumark 2008; Gao, Ma, and Xu 2025; U.S. Census
Bureau, n.d.). Researchers would also lose key data for tracking wealth and income gaps
across generations by race (Bayer and Charles 2018; Derenoncourt et al. 2024). Studies
which follow the growth and decline of new businesses rely on this data for assessing
differences in success by race and ethnicity (Luque et al. 2019; Luque and Novik 2024; U.S.
Census Bureau 2023). Research on racial disparities in home-based wealth and retirement
security would be greatly hindered (Wong, Pennington, and Kermani 2023; Kermani and
Wong 2026). Studies of homelessness and its relationship to future employment, use of
public benefits, and mortality would be stunted (Meyer et al. 2024; Meyer, Wyse, and
Corinth 2023; Graetz et al. 2024). Each of these areas would be additionally impacted in
the long term, as the entire generation born since 2020 would lack race and ethnicity data
in any prior decennial census.

Finally, not asking questions about race and ethnicity in the 2030 Census would intro-
duce a permanent gap in the demographic history of the United States. Adding a question
in the future would not resolve this gap. This loss would be particularly salient for small
groups and multiracial populations who already suffer from less accurate data (Kenny,
McCartan, Kuriwaki, et al. 2024). Research focused on smaller racial groups, especially
Asian, Native Hawaiian and Other Pacific Islander, and American Indian and Alaska
Native populations, which undergo relatively larger changes over time than other groups,
relies on accurate, detailed demographic data to estimate degrees of health inequality
(Holland and Palaniappan 2012; Kauh, Read, and Scheitler 2021). Research on changes
in how people identify with specific racial or ethnic groups relies on linking individuals
across censuses (Liebler et al. 2017; Liebler, Bhaskar, and Porter 2016; Liebler and Ortyl
2014; Saperstein and Penner 2012). Long-term, historical linkages of censuses allow
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researchers to study broader economic outcomes (Abramitzky et al. 2021). Even successful
aggregate models of populations would not recover the individual responses that drive
this research.

Recommendations

We recommend removing the prohibition on race and ethnicity questions introduced
in section 70.2(a). We further recommend retaining questions on race and ethnicity for
the 2030 Census and subsequent enumerations. Academic research relies heavily on this
collection, as does other public policy research, including by state and local governments.

Removal of this prohibition is necessary now to avoid creating large gaps in demo-
graphic data across time. If the data is not collected in 2030, restoring the data collection
at a later time would still leave a problematic gap for any time series analyses. Future
research would have to rely on aging demographic data and untested approaches to impute
the missing data.

Respectfully submitted,

Kosuke Imai
Harvard University

Christopher T. Kenny
Princeton University

Cory McCartan
Pennsylvania State University

Tyler Simko
University of Michigan

Michael Auslen
University of Texas at Austin

Bernard L. Fraga
Emory University

D. Sunshine Hillygus
Duke University

Shiro Kuriwaki
Yale University

Evan T.R. Rosenman
Claremont McKenna College

Christopher Warshaw
Georgetown University
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